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Abstract: This research paper analyzes the competitive divergence between Netflix and Blockbuster, arguing that Netflix's use of 

analytics-driven strategies was the decisive factor in its success, rather than solely external factors like the rise of streaming technology. 

The study uses a comparative case study design, applying Christensen's Disruptive Innovation Theory and analyzing both companies' 

subscriber and churn rates, as well as their revenue and gross profit margins from 2000 to 2010. 

The findings show that Netflix's business model, which was built on analytics from the start, created a "growth flywheel". The company's  

Cinematch recommendation engine and churn modeling led to increased customer retention and higher customer lifetime value (CLV). 

These predictable, recurring cash flows were then reinvested into streaming infrastructure and original content, which further attracted 

and retained subscribers. 

In contrast, Blockbuster relied on legacy retail metrics such as store traffic and late fees, which provided little insight into changing 

consumer behavior. As a result, its churn rate skyrocketed from 10-15% in the early 2000s to 67% by 2010, and its revenue and profits 

collapsed as customers migrated to more convenient digital services. The paper concludes that while streaming technology provided 

the opportunity for disruption, analytics was the central engine that transformed Netflix from a niche entrant into a market leader. 

INTRODUCTION 

Industry context  

The video rental industry in the late 20th century was characterized by retail dominance, physical media 

dependence, and strong distribution networks. Blockbuster, founded in 1985, quickly grew into the sector’s 

largest incumbent, reaching over 9,000 global stores1 at its peak and generating billions in revenue from rentals 

and late fees. In 2010, the company reported $788 million revenue2, yet this was overshadowed by mounting 

                                                
1 Olito, Frank, and Alex Bitter. “The Rise and Fall of Blockbuster.” Business Insider, 16 Jan. 2020, 

www.businessinsider.com/rise-and-fall-of-Blockbuster. 
2 Blockbuster Inc. “Blockbuster Reports Second Quarter 2010 Financial Results and Announces New 

Forbearance Agreement as It Continues to Engage in Productive Recapitalization Discussions.” 

Prnewswire.com, Cision PR Newswire, 13 Aug. 2010, www.prnewswire.com/news-releases/Blockbuster-
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http://www.prnewswire.com/news-releases/blockbuster-reports-second-quarter-2010-financial-results-and-announces-new-forbearance-agreement-as-it-continues-to-engage-in-productive-recapitalization-discussions-100614154.html
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losses as consumer demand shifted toward digital streaming. Blockbuster’s model, heavily reliant on transactional 

revenue and late fees, estimated at 16% of the total income, became increasingly misaligned with customer 

expectation of convenience and flexibility3. 

At the same time, Netflix, founded in 1997 as a DVD by mail service, steadily gained traction by leveraging 

subscriptions rather than one-time rentals, eliminating late fees, and introducing a recommendation engine to 

personalize viewing. By 2007, with the launch of streaming, Netflix transformed from a niche challenger into a 

digital powerhouse, redefining the basis of competition in home entertainment. The rivalry between the 2 firms 

epitomizes the dramatic industry transition from physical to digital distribution models. 

Role of Business Analytics 

While much of the Netflix-Blockbuster is often attributed to broadband expansion and the emergence of 

streaming, an equally decisive factor was the strategic use of business analytics. Business analytics refers to the 

application of statistical and predictive methods to guide evidence-based strategy. In subscription-based 

industries, 4 tools are especially critical: subscriber forecasting, customer lifetime value (CLV) modeling, churn 

prediction, and revenue optimization. 

Subscriber forecasting allows firms to anticipate growth and align investments in content and infrastructure. CLV 

modeling emphasizes the financial value of retaining customers, as even small reductions in churn yield 

disproportionately higher revenues. Churn prediction identifies at-risk customers, while revenue optimization 

ensures that pricing and services maximize recurring income. Collectively, these tools transform reactive 

operations into proactive data-driven decision making. 

Netflix embedded analytics at its core. Its cinematch recommendation engine personalized content, boosting 

engagement and reducing churn. Forecasting informed its early pivot to streaming in 2007, while CLV analysis 

justified re-invest in an expanding digital library and original productions. This cycle of retention, CLV growth, 

and reinvestment created resilience and scalability. 

Blockbuster, by contrast, relied on legacy metrics such as store traffic, rental volume, and late fee revenues. These 

measures offered short term performance snapshots but offered little insight into evolving consumer behavior. 

Without predictive analytics, Blockbuster failed to anticipate digital migration, leaving its model with consumer 

demand for convenience and flexibility. 

Research Gap & Contribution 

Although numerous case studies trace Netflix’s rise and Blockbuster’s fall, much of the discourse emphasizes 

technological enablers (broadband penetration, mobile devices) or strategic missteps such as over reliance on real 

stores. These accounts provide valuable narratives but often lack systematic, quantitative comparisons of how 

business analytics shaped performance trajectories. Specifically, academic literature has not thoroughly examined 

the differential use of analytics by Netflix and Blockbuster in measurable terms such as subscriber growth, churn 

rates, and revenue models. Christensen’s theory of disruptive innovation has been applied broadly to shift from 

physical rentals to streaming, yet few analyses integrate this framework with churn and retention data and firm 

level financials to explain timing and scale of disruption. 

This research addresses that gap by adopting analytics centered lens. Drawing on Christensen's framework, it 

investigates how Netflix’s integration of data driven strategies enabled sustained growth, while Blockbuster’s 

reliance on transactional reporting left it vulnerable to digital entrants. The contribution lies in grounding the 

                                                

reports-second-quarter-2010-financial-results-and-announces-new-forbearance-agreement-as-it-continues-to-

engage-in-productive-recapitalization-discussions-100614154.html? Accessed 4 Sept. 2025. 
3 Olito, Frank, and Alex Bitter. “Blockbuster: The Rise and Fall of the Iconic Movie Rental Store.” Business 

Insider, 24 Apr. 2023, www.businessinsider.com/rise-and-fall-of-Blockbuster? Accessed 4 Sept. 2025. 
 

http://www.ijnrd.org/
http://www.prnewswire.com/news-releases/blockbuster-reports-second-quarter-2010-financial-results-and-announces-new-forbearance-agreement-as-it-continues-to-engage-in-productive-recapitalization-discussions-100614154.html
http://www.prnewswire.com/news-releases/blockbuster-reports-second-quarter-2010-financial-results-and-announces-new-forbearance-agreement-as-it-continues-to-engage-in-productive-recapitalization-discussions-100614154.html
http://www.businessinsider.com/rise-and-fall-of-blockbuster


                                                                           © 2025 IJNRD | Volume 10, Issue 9 September 2025 | ISSN: 2456-4184 |IJNRD.ORG 

IJNRD2509098 International Journal of Novel Research and Development (www.ijnrd.org) 
 

 

a871 

disruption narrative in measurable analytics outcomes, demonstrating how customer level insights rather than 

solely broadband access or capital availability were central to competitive divergence between these 2 firms. 

Research Question and Objectives 

This paper investigates the role of business analytics in shaping the divergent competitive trajectories of Netflix 

and Blockbuster within the home entertainment industry. The central research question is: 

How did Netflix’s integration of analytics-driven strategy, compared to Blockbuster’s traditional retail metrics, 

accelerate its market leadership and disrupt the incumbent’s position?  

The study pursues four objectives: 

1. To contextualize the video rental industry transition from physical media to streaming.  

2. To apply to Christensen's disruptive innovation theory as an interpretative frame. 

3. To analyze subscriber growth, churn rates and revenue models of both firms using quantitative evidence.  

4. To evaluate whether analytics adoption, compared with rival factors (technology, capital, licensing), best 

explains the scale and timing of disruption.  

In doing so, the paper positions analytics not as a background detail but as a central engine of market 

transformation.  
 

LITERATURE REVIEW 

Market Disruption & Strategic Failure 

The rivalry between Blockbuster and Netflix is often presented as a classical disruption case study. Blockbuster’s 

decline illustrates the inability of incumbents to adapt strategic models despite market signals, while Netflix 

demonstrates how entrants can exploit overlooked niches. Blockbuster, with more than 9000 stores worldwide4, 

relied heavily on physical presence and revenues derived from late fees, which contributed approximately 16% 

of its annual income in the mid 2000’s. Yet these very fees alienated customers and created vulnerability when 

Netflix entered with subscription-based mail order service that eliminated late penalties. 

Christensen’s disruptive innovation framework explains this transition: disruptive entrants begin in low-margin, 

niche markets with seemingly inferior offerings, Netflix’s DVDs by mail lacked the immediacy of in-store rentals 

but gradually built capabilities that overtake incumbents. By 2007, streaming provided an inflection point5, 

converting Netflix’s growing subscriber base into a mainstream alternative. Blockbuster’s late response launching 

its own subscription plan and an online service years after Netflix proved insufficient. The firm continued to 

prioritize transactional retail metrics store performance, churn drivers and shifting preferences. 

Thus, Blockbuster’s failure was not merely technological but strategic: it underestimated analytics driven 

personalization and subscription scalability, clinging to a legacy model until its 2010 bankruptcy. Market 

disruption was propelled as much by customer level insights as by streaming infrastructure itself. 

 

 

                                                
4 Olito, Frank, and Alex Bitter. “The Rise and Fall of Blockbuster.” Business Insider, 16 Jan. 2020, 

www.businessinsider.com/rise-and-fall-of-Blockbuster. 
5 Billy Thompson. “The Rise and Fall of Streaming TV? – Michigan Journal of Economics.” Michigan Journal 

of Economics, 25 May 2024, sites.lsa.umich.edu/mje/2024/05/25/the-rise-and-fall-of-streaming-tv/. 
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Business Analytics and Competitive Advantage 

Business analytics has emerged as a critical capability in creating sustainable competitive advantage, particularly 

in subscription based digital industries. Davenport and Harris (2007)6 argue that advanced analytics covering 

churn modeling, customer segmentation, and forecasting enables firms to shift from reactive decisions to 

predictive, evidence-based strategies. In the context of home entertainment, Netflix exemplified this shift by 

embedding analytics into its operation rather than treating it as a peripheral support tool. 

Central to Netflix’s analytics strategy was cinematch7, its early recommendation engine. By which Netflix offered 

tailored film suggestions that increased engagement and reduced churn rate. Lower churn directly compounds 

subscriber growth, since retention preserves recurring revenue and lengthens customer lifetime value (CLV). 

Research in marketing science confirms that improving retention even modestly has outsized effects on 

profitability due to recurring subscription models8. Netflix leverages this to reinvest in both streaming 

infrastructure and original productions, enabling a cycle of growth sustained by data driven insights. 

In contrast, Blockbuster’s analytics infrastructure was rooted in store level KPIs: rentals per outlet, same store 

sales, and late fee revenue. Without comparable capabilities in churn and customer analytics, Blockbuster was 

unable to pivot the model toward long term subscription sustainability. Instead, it interpreted Netflix as a low 

margin niche competitor until it was too late. 

These analytics capabilities were not simply operational enhancements but strategic engines of disruption. 

Netflix’s advantage lay not in having access to content or capital resources Blockbuster once had in superior 

measure, but in its ability to use analytics to personalize experiences, predict behavior, and progressively capture 

the mainstream market. 

Comparative Analytics in Industry Studies 

Comparative analyses in related industries underscores how analytical adoption determines divergent competitive 

trajectories. For example, in ride hailing, Uber leveraged real time demand forecasting, surge pricing algorithms, 

and driver analytics to disrupt incumbents such as traditional taxi services, which relied on regulatory advantage 

rather than data insights. These parallels show that analytics does more than optimize existing processes, it 

reshapes business models, by creating efficiency and customer loyalty pathways inaccessible to less data driven 

incumbents (Chen, Chiang & Storey, 2012)9. 

The Netflix-Blockbuster comparison should therefore be situated within this broader evidence base: across 

industries incumbents overly depend on legacy metrics such as store sales, transactional fees, or regulator-

protected models fail to anticipate entrants that use analytics to reshape customer expectations. This establishes 

the conceptual rationale for grounding disruption in comparative analytics, rather than attributing it solely to 

external technological shifts. 

 

                                                
6 Davenport, Thomas H, and Jeanne G Harris. “Competing on Analytics: The New Science of Winning.” 

ResearchGate, Harvard Business Review Press, 6 Mar. 2007, 

www.researchgate.net/publication/275712863_Competing_on_Analytics_The_New_Science_of_Winning.  
7 How. “How Did the Cinematch Algorithm Revolutionize Netflix’s Movie Rec.” You Exec, 2024, 

youexec.com/questions/how-did-the-cinematch-algorithm-revolutionize-netflix-s. 
8 Iyengar, Raghuram, et al. “The Impact of Subscription Programs on Customer Purchases.” Journal of 

Marketing Research, vol. 59, no. 6, 29 Jan. 2022, journals.sagepub.com/doi/full/10.1177/00222437221080163, 

https://doi.org/10.1177/00222437221080163. 
9 Bokman, Alec, et al. “Five Facts: How Customer Analytics Boosts Corporate Performance | Mckinsey.” 

Www.mckinsey.com, 1 July 2014, www.mckinsey.com/capabilities/growth-marketing-and-sales/our-

insights/five-facts-how-customer-analytics-boosts-corporate-performance. 
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Conceptual Framework 
From the literature, a conceptual framework emerges linking analytics capabilities to disruption outcomes. The 

pathway begins with analytics driven personalization, where customer data is used to reduce churn rate by 

tailoring user experience. This directly enhances customer lifetime value, a measure of retention and profitability 

across the subscription lifecycle10. Higher CLV generates stable recurring cash flows, which finance reinvestment 

into technologies such as streaming infrastructure and differentiated content like originals. These reinvestments 

then attract further mainstream adoption, reinforcing the cycle. 

Conversely, incumbents like Blockbuster, constrained by retail-focused transactional analytics lacked insights to 

churn and customer level behaviors. Their dependence on late fee revenue became unsustainable once consumer 

expectation shifted toward Netflix’s offering, which emphasized transparency and convenience. Without 

predictive tools or loyalty engines, Blockbuster could not generate comparable reinvestment cycles and instead 

experienced market erosion leading to collapse. 

The conceptual model thus posits analytics as the causal engine of disruption, not merely a supporting element. 

It integrates Christensen's disruptive innovation theory with marketing science on churn and retention, showing 

that analytics transformed Netflix’s “low end” niche entry into a mainstream displacing force. This framework 

will guide the empirical comparison of subscriber growth, churn rate trajectories, and revenue models in the 

results section.   

 

METHODOLOGY  

Research Design 

This research applies a comparative case study design to examine Netflix and Blockbuster through a quantitative 

analytics lens. A secondary data case study design is appropriate for this research because it enables the systematic 

comparison of 2 forms that are no longer directly comparable through primary data collection. Netflix’s historical 

filing and analyst reports provide robust and verifiable measures of subscriber growth, churn rate and revenue. 

In contrast, Blockbuster ceased regular reporting after 2007 making direct primary evidence inaccessible. By 

using archival financial filings, market research, and scholarly analysis, this study leverages reliable historical 

datasets while avoiding issues of recall bias or selective reporting inherent in interviews. Secondary data also 

ensures transparency and replicability, as all figures are drawn from publicly available sources. 

Netflix represents the disruptive entrant, while Blockbuster stands as the incumbent. To structure the comparison, 

the study employs 3 analytical tools Disruptive Innovation Theory11 - as the theoretical framework, Subscribers 

and Churn rate - as customer level performance indicator, Revenue and Gross Margin as financial outcome 

measure. This triangulated approach highlights both strategic intent and measurable results. By aligning 

Christensen’s disruption arc with empirical metrics on customer growth, retention and revenue models, the design 

integrates narrative explanation with data analysis. Such a design ensures that conclusions are both theoretically 

grounded and supported by longitudinal evidence from filings, analyst estimates and market reports. Data for this 

study is drawn from firm level filings, industry analyses, and secondary datasets.  

In terms of variables, the study emphasizes: 

- Christensen’s disruption model variables - niche entry, scaling, displacement  

- Customer metrics - annual subscribers and estimated churn rate 

- Financial outcomes - reported revenues and gross profit margins, distinguishing subscription-based 

growth from transactional dependence 

                                                
10 Gupta, Sunil. “Customer-Based Valuation.” Journal of Interactive Marketing, vol. 23, no. 2, May 2009, pp. 

169–178, https://doi.org/10.1016/j.intmar.2009.02.006. 
11 Christensen Institute. “Disruptive Innovation Theory.” Christensen Institute, 2025, 

www.christenseninstitute.org/theory/disruptive-innovation/. 
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Data Preparation 

Because data sources vary in reliability and completeness, careful cleaning and normalization were conducted. 

Given the fragmented nature of available sources, particularly for Blockbuster after 2007, conflicting estimates 

occasionally appear across datasets. To address this the study employs a triangulation strategy: prioritizing 

audited company filings where available, cross-referencing analyst estimates, and using media or third-party 

reports only when no primary financial data exists. In cases where multiple conflicting estimates persisted, mid-

point averages were calculated. This approach minimizes reliance on any single source, improves reliability, and 

ensures that conclusions are grounded in the most consistent interpretation of available evidence. 

 For Netflix, subscriber and revenue numbers were directly extracted from SEC filings and then cross-references 

with industry compilers. For Blockbuster, gaps after 2007 were filled by triangulating media reports, analyst 

estimates, and bankruptcy filings. Where churn values were missing, estimates from SNL Kagan and WSJ reports 

were used, with clear annotations of source reliability. Variables were standardized into consistent yearly time 

series from 2000 to 2010 for the head-to-head Netflix and Blockbuster comparison. 

Analytical Methods & Tools 

The study integrates 3 analytical tools to generate findings: 

- Disruptive Innovation Theory 

This now theoretical frame interprets patterns of entry, scaling, and displacement. Netflix represents the classic 

low-end disruptor: launching DVD by mail with no late fees, late fees, later investing in analytics driven 

streaming. Blockbuster embodies the incumbent: over reliant on late fees, dismissing disruption as unprofitable, 

and belatedly entering streaming. 

- Subscribers and churn rate 

 Subscriber growth and churn are treated as customer level indicators of market strength and retention. In this 

study, churn rate is operationalized as a percentage of subscribers lost during a given period, calculated using the 

formula: 

Churn rate = 
𝑪𝑪𝑪𝑪𝑪𝑪𝑪𝑪𝑪 𝑪𝑪 𝑪𝑪𝑪 𝑪𝑪𝑪𝑪𝑪 𝑪𝑪 𝑪𝑪𝑪 𝑪𝑪𝑪𝑪𝑪𝑪 − 𝑪𝑪𝑪𝑪𝑪𝑪𝑪𝑪𝑪 𝑪𝑪 𝑪𝑪𝑪 𝑪𝑪𝑪 𝑪𝑪 𝑪𝑪𝑪 𝑪𝑪𝑪𝑪𝑪𝑪

𝑪𝑪𝑪𝑪𝑪𝑪𝑪𝑪𝑪 𝑪𝑪 𝑪𝑪𝑪 𝑪𝑪𝑪𝑪𝑪 𝑪𝑪 𝑪𝑪𝑪 𝑪𝑪𝑪𝑪𝑪𝑪
× 𝑪𝑪𝑪  

Netflix’s retention improved steadily, enabling compounding subscriber growth. Blockbuster’s churn 

accelerated, undercutting its ability to sustain revenues. By linking churn rate changes to analytics adoption, 

especially Netflix’s recommendation engine, the study identifies how customer insights directly drive disruption. 

- Revenue and Gross Profit Margin 

Financial outcomes are used to capture structural business resilience. Netflix’s subscription model created 

recurring revenue flows, which could be reinvested in technology and original content. Blockbuster’s 

transactional model, highly dependent on late fees, collapsed once customers migrated to subscription pricing. 

Gross margin analysis further highlights how Netflix’s analytics-based reinvestments fueled lasting growth, while 

Blockbuster was trapped in a declining financial trajectory.  

Together these 3 tools allow integration of theory driven interpretation with customer data and financial analysis. 

This triangulation clarifies not only what happened, but also why analytics was the engine of disruption  

Ethical and Reliability Considerations 

This study relies on publicly available secondary data, including company filings, analyst reports, case studies 

and media sources. While Netflix provides detailed historical filings, it has reduced transparency on churn in past 

years. Blockbuster ceased full reporting after 2007, creating reliance on estimates and triangulated figures. These 

limitations are acknowledged explicitly. To enhance reliability, the data was cross verified across multiple 

sources wherever possible. No proprietary or private data was accessed, ensuring proper ethical use. Transparency 

http://www.ijnrd.org/
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in source selection and acknowledgement of uncertainty strengthens the study’s credibility. Also, a key limitation 

of this study lies in the availability of data after 2007, when Blockbuster reduced its financial and subscribers 

reporting. This gap required reliance on analyst estimates, bankruptcy filings, and media reports to reconstruct 

churn rates and revenue trends. While triangulation across multiple sources was used to improve reliability, the 

absence of audited figures introduces a potential bias: Blockbuster’s decline may appear steeper or more erratic 

than it was. As a result, conclusions about the precise timing and scale of disruption should be interpreted with 

caution. Nevertheless, the consistency of patterns across sources strengthens confidence in the overall finding 

that Netflix’s driven model outperformed Blockbuster’s traditional retail approach. 
 

RESULTS 

Disruptive innovation theory   

Christensen’s Disruptive Innovation Theory provides the interpretive framework for analyzing the competitive 

divergence between Netflix and Blockbuster. The theory posits that disruption originates in underserved or low-

end segments, with entrants offering simplified, cost-effective models that incrementally improve and eventually 

overtake incumbents. This lens situates business analytics as the mechanism enabling Netflix’s transition from 

niche innovator to dominant market leader12.  

Netflix deployment of analytics powered personalization through its cinematch recommendation system and later 

user profiling, and original content algorithms substantially reduced churn and fueled compounding subscribers 

and revenues. In 2007, the pivot to streaming catalyzed an approximately 18% rise in subscribers and revenue, 

dismantling DVD-only incumbency and aligning with Christensen’s formulation of low-end disruption13. In 

2013, the launch of Netflix Originals enabled further scaling embedding analytics as the engine of competitive 

displacement through differentiated content discovery and retention strategies14. This empirical trajectory 

exemplifies disruption emerging from streamlined, data driven innovation and evolving to overtake entrenched 

market leaders. 

Despite peak reach in 2004, which Blockbuster operated over 9000 stores and 84300 employees15, membership 

growth soon plateaued, and by 2010 the company declared bankruptcy amid overwhelming debt and declining 

revenue16. Late fees $800million in 2010, roughly 16% of the total revenue underscored its reliance on legacy 

income rather than customer retention17. Blockbuster eschewed sophisticated analytics tracking only store level 

performance and delaying a streaming pivot until too late18. In Christensen's terms, this is classic incumbent 

failure: resting on established profit engines and dismissing disruptors until the disruptive innovation overtakes 

the market. 

                                                
12 Clayton M. Christensen, The Innovator’s Dilemma: When New Technologies Cause Great Firms to Fail 

(Boston: Harvard Business School Press, 1997) 
13 “Helped by the launch of streaming video, 2007 was the first time in the history of Netflix that it generated 

upwards of $1 B in revenue. Over that year the company’s subscriber base grew 18 %, revenues were up by 

21 % and net income was up by 36 %, compared to the 2006 figures.” ‑‑ vdocipher.com blog (2025) 

vdocipher.co 
14 “Personalized recommendations keep users watching longer, reducing churn … over 80 % of viewing comes 

from personalized recommendations.” ‑‑ hel­lo­pm.co case‑study (2025) hellopm.co 
15 “Blockbuster Business Model | Business Model Navigator.” Businessmodelnavigator.com, 

businessmodelnavigator.com/case-firm?id=18. 
16 Operating peak and collapse data: “By 2004, Blockbuster employed 84,300 people and operated 9,094 

stores… filed for bankruptcy protection in 2010.” forbes.comen.wikipedia.org 
17 Late‑fees revenue: “The fees raked in $800 million … worth about 16% of Blockbuster’s revenue that year.” 

streetfins.com+1 
18 Lack of analytics and delayed streaming pivot: failure to adapt and digital lag described in New Yorker 

analysis. newyorker.com+1 
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Netflix's analytics driven personalization reduced churn, directly enhancing customer lifetime value (CLV) and 

average revenue per user (ARPU)19. These gains fueled reinvestment into streaming infrastructure and original 

content, accelerating its mainstream capture. Blockbuster, by contrast, clung to transactional late fee revenues, 

failing to adapt once customer expectations shifted20. Through Christensen's lens, analytics thus emerge not as 

auxiliary, but as the causal engine transforming niche innovation into systemic disruption. 

While broadband diffusion and favorable content licensing facilitated streaming adoption, the decisive factor in 

disruption was Netflix’s analytics driven personalization, which uniquely explains the timing and scale of 

subscriber retention and growth beyond infrastructure enablers21. 

Subscribers and churn rate 

 

Between 2005 and 2010 Netflix’s subscribers base expanded from 4.02 million to 18.6 million, representing more 

than a fourfold increase. This growth was driven by several interrelated factors. First, Netflix’s flat rate 

subscription model eliminated late fees, a major source of consumer dissatisfaction with Blockbuster. Second, 

the DVD by mail service offered convenience by reducing the need for physical store visits, while the 2007 

launch of streaming created instant access to content. Third, Netflix’s recommendation engine, cinematch, 

personalized viewing experiences, increasing user engagement and reducing the likelihood of cancellation. These 

futures were supported by aggressive acquisition strategies, including free trial offers and by reinvestment into 

expanding digital libraries, which further reinforced customer loyalty and subscription growth. 

While Blockbuster Online reached roughly 3 million subscribers in 2007, its numbers quickly contracted, with 

reports suggesting a nearly 30% decline by 201022. Several structural weaknesses explain this decline. 

                                                
19 Sunil Gupta, Driving Digital Strategy: A Guide to Reimagining Your Business (Boston: Harvard Business 

Review Press, 2018). Harvard Business Review 
20 Clayton M. Christensen, Michael E. Raynor, and Rory McDonald. “What Is Disruptive Innovation?” 

Harvard Business Review, Dec. 2015. HBR.org 
21 Erik Brynjolfsson, Yu Jeffrey Hu, and Michael D. Smith. “From Niches to Riches: The Anatomy of the Long 

Tail.” MIT Sloan Management Review, 2006. MIT Sloan 
22 “Blockbuster Inc. Presentation, Dated June 28,2007.” Sec.gov, 2025, 

www.sec.gov/Archives/edgar/data/1085734/000119312507145473/dex991.htm? Accessed 8 Sept. 2025. 
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Blockbuster’s business remained heavily dependent on the physical stores. Slowing its ability to pivot fully 

toward online services. The company's legacy reliance on late fees which damaged customer trust and made 

Netflix’s transparent model more attractive. Additionally, Blockbuster was late to adopt streaming launching with 

a smaller library years after Netflix had already gained content to improve technology. By the late 2000s, the 

brand was increasingly perceived as outdated accelerating subscriber losses despite early recognition in the rental 

market 

 

Churn data reinforces the divergent trajectories. Netflix’s churn rate, initially around 39% in the early 2000s, 

gradually declined to 30% by 2010. Each reduction in churn increased customer lifetime value and stabilized 

revenue flows, allowing Netflix to invest in content and infrastructure. Blockbuster, in contrast, experienced 

escalating churn. Its churn rate was estimated between 10-15% in the early 2000s but rose to 27% in 2005, reached 

40% by 2009 and a staggering 67% by 2010. With nearly two-thirds of the subscribers leaving annually, 

Blockbuster’s subscription platform became unsustainable, and customer acquisition efforts could not offset the 

rapid attrition. 

The combined subscriber and churn patterns reveal that Netflix’s long-term success was not merely a matter of 

acquiring customers but of retaining them. Analytics driven personalization, transparent pricing, and the 

convenience of streaming systematically reduced churn and compounded subscriber growth. Blockbuster, 

constrained by debt, technological delays and damaged customer relationships, saw its churn rate escalate to 

unsustainable levels, eroding its retention rather than raw acquisition was the decisive factor separating Netflix’s 

sustained expansion from Blockbuster’s decline. 

Revenue and Gross Profit Margin 

Netflix’s revenue trajectory between 2005 and 2010 illustrates the scalability of its subscription model. Revenue 

increased from approximately $682 million to $2.16 billion in 2010. This growth was supported by compounding 

subscriber additions and lower churn, which ensured recurring cash flows. Unlike transactional businesses, 

subscription revenues provided predictable income that could be reinvested in technology and licensing. By 2007, 

the launch provided predictable income that could be re-invested in technology and licensing. By 2007, the launch 

of streaming accelerated growth further, producing both subscribers’ expansion and cost efficiencies. 

Importantly, Netflix’s gross margins remained relatively stable, fluctuating between 29% and 35% during this 

period, a sign of efficient operations despite scaling rapidly. 
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In contrast, blockbuster’s revenue picture highlights the fragility of its business model. The company generated 

$5.9 billion in revenue in 2004, but by 2010 this had fallen to $3.24 billion. More damaging than the decline in 

top-line sales was the collapse of profitability. Blockbuster’s gross margins eroded significantly in the late 2000s 

as store traffic declined, and online competitors gained share. While late fees had once contributed nearly 16% 

of revenues, the elimination of these charges to remain competitive reduced margins further. At the same time, 

the fixed costs of operating more than 9000 physical stores created inflexible overhead that could not be scaled 

down quickly enough to match declining revenues. As a result, the company swung into recurring losses and filed 

for bankruptcy in 2010. 

 

http://www.ijnrd.org/
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The contrast between Netflix and Blockbuster lies in the structural resilience of their models. Netflix’s 

subscription-based revenue was recurring and customer centric, producing stable margins and cashflows. 

Blockbuster’s transactional model, by contrast, depends heavily on store visit and late fees, both which eroded 

rapidly once consumers adopted more convenient digital alternatives, where Netflix reinvested surpluses into 

streaming and content acquisition, Blockbuster was constrained by mounting debt and declining profitability. 

This financial rigidity prevented the company from responding quickly to market changes, even when it 

recognized the need to pivot. 

Netflix’s ability to sustain gross profit margins while scaling revenues was a direct outcome of its innovative 

strategies. Analytics driven churn reduction, personalized recommendation, and early streaming adoption created 

a financial flywheel: retention fueled recurring revenues, which supported reinvestment, which in turn enhanced 

customer experience and loyalty. Blockbuster lacks this flywheel. Its revenues declined as churn rose, late fees 

disappeared, and retail costs remained high. Without stable gross margins or recurring revenues, Blockbuster was 

unable to finance innovation at the necessary scale. 

Revenue and gross profit margins provide quantitative confirmation of why Netflix overtook Blockbuster. 

Between 2005 and 2010, Netflix demonstrated not only consistent revenue growth but also the operational 

efficiency to sustain margins during expansion. Blockbuster, by contrast, experienced falling revenues and 

margin compression, with its heavy infrastructure and eroding late fee income making profitability unsustainable. 

Ultimately, the financial evidence reinforces the subscribers and churn analysis: Netflix’s innovative, analytics 

supported strategies created a resilient revenue model, while Blockbuster’s transactional dependence led to its 

decline.  

DICUSSION 

Interpretation of Findings  

The findings demonstrate that Netflix’s superior performance stemmed from its deliberate use of analytics-driven 

strategies, which transformed customer acquisition and retention into a reinforcing cycle of growth. Central to 

this was churn modeling. By identifying at-risk customers through behavioral and usage data, Netflix reduced its 

churn from 39% in the early 2000s to roughly 30% by 2010. Lower churn directly enhanced customer lifetime 

value (CLV), creating a stable foundation of recurring revenues. This ability enabled reinvestment in both 

streaming infrastructure and original content, which further attracted and retained subscribers. In contrast, 

Blockbuster failed to track customer-level churn with comparable sophistication. Its churn rate rose from 10-15% 

in the 2000s to 67% by 2010, leaving the company unable to sustain subscriber growth despite initial recognition. 

Algorithmic recommendations were the third pillar of Netflix’s strategy. The Cinematch engine and its later 

evolutions personalized the user experience, driving deeper engagement and reducing the likelihood of 

cancellations. Studies of recommender system confirm that personalization is the powerful driver of retention in 

subscription-based industries23. Blockbuster, in contrast, relied on store-level performance metrics and did not 

develop comparable recommendation capabilities. As a result, it lacked the predictive insight to shifting customer 

preferences or mitigate attrition. 

The interplay of these 3 factors: churn modeling, subscription pricing and algorithmic recommendations explains 

why Netflix consistently grew its subscriber base and revenues while maintaining stable margins. Blockbuster, 

despite its larger scale and resources, collapsed because it lacked the analytics infrastructure to transition from a 

transactional retail model to data-driven subscription model. 

 

                                                
23 Gomez-Uribe, Carlos A., and Neil Hunt. “The Netflix Recommender System: Algorithms, Business Value, 

and Innovation.” ACM Transactions on Management Information Systems, vol. 6, no. 4, 28 Dec. 2015, pp. 1–

19, https://doi.org/10.1145/2843948. 
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Theoretical Implications 

These findings contribute to broader theories of digital transformation and analytics maturity. Research on 

analytics maturity argues that firms derive competitive advantage not merely from adopting technology but from 

embedding data driven decision-making into their strategic core24. Netflix exemplified this retention. 

Blockbuster, by contrast, remained at an immature stage of analytics use, focusing on transnational store metrics 

rather than predictive customer level insights. 

The study also reinforces scholarship on transformation in media industries. The shift from physical rentals to 

digital streaming was not only a technological transition but an organizational one. Firms capable of integrating 

analytics into subscription models captured market share, while those clinging to legacy metrics were displaced. 

This aligns with Brynjolfsson, Hu and Smith’s work on the “long tail,” which shows how digital platforms 

leverage data to broaden choice and personalize consumption, in turn reshaping competitive landscapes25. 

Netflix’s ability to monetize the long tail of niche content through recommendations illustrates this theoretical 

dynamic in practice. 

Finally, the findings extend Christensen's theory of disruptive innovation by illustrating that analytics served as 

the enabling mechanism of disruption. While streaming was the technological trigger, it was analytics that 

allowed Netflix to scale from niche entrant to industry leader. This suggests that in digital contexts, disruption is 

not only about offering a cheaper or simpler product but about embedding analytics capabilities that 

systematically enhance customer retention and revenue scalability. 

Practical Implications 

For legacy firms, the Netflix blockbuster case underscores the necessity of investigating analytics as a strategic 

rather than operational capability. Incumbents facing digital disruption often focus on defending existing revenue 

streams, as Blockbuster did with late fees rather than reconfiguring their business models around customer 

insights. The results show that predictive analytics, churn modeling, and personalized recommendations are not 

peripheral tools but a core enabler of resilience. Firms undergoing digital transformation should prioritize 

developing analytics maturity integrating customer level data into strategic planning to avoid the fate of 

Blockbuster. In industries increasingly shaped by subscriptions, retention is more valuable than acquisition, and 

only data driven firms can sustain competitive advantage. 

Limitations and Future Work 

This study is limited by reliance on secondary data, particularly for Blockbuster, which ceased detailed financial 

and subscriber reporting after 2007. As a result, some churn values are derived from analyst estimates and 

bankruptcy filings, which may introduce margin of error. 

Future research could build on this study by employing proprietary datasets on customer behavior, which would 

allow more granular modeling of churn dynamics and revenue trajectories. Comparative studies across other 

disruptive adoption consistently explains the timing and scale of disruption. By moving beyond case specific 

narratives, such research would strength the generalizability of analytics as a causal driver of digital 

transformation. 

  

                                                
24 Langer, Benedict. “Understanding Data & Analytics Maturity: A Systematic Review of Maturity Model 

Composition.” Schmalenbach Journal of Business Research, 29 Jan. 2025, https://doi.org/10.1007/s41471-024-

00205-2. 
25 Brynjolfsson, Erik, et al. “Research Commentary— Long Tails vs. Superstars: The Effect of Information 

Technology on Product Variety and Sales Concentration Patterns.” Information Systems Research, vol. 21, no. 

4, Dec. 2010, pp. 736–747, https://doi.org/10.1287/isre.1100.0325. 
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CONCLUSION 

The research set out to answer the question: “how did Netflix’s analytics driven strategy enable it to overshadow 

Blockbuster and achieve market dominance in the global home entertainment industry?” To address this, the 

study applied a 3-part methodology: Christensen’s Disruptive Innovation theory to frame the competitive 

dynamics, numerical analysis of subscriber numbers and churn rates to capture customer behavior, ad revenue 

and gross profit margin comparisons to evaluate financial sustainability.  

The results across all 3 lenses converge on a clear finding. Netflix’s systematic use of analytics churn modeling, 

subscription pricing, and algorithmic recommendations produced measurable advantages in both retention and 

revenue growth. Subscribers and churn data revealed that Netflix steadily lowered attrition while expanding its 

customer base, in stark contrast to Blockbuster's spiraling lowered attrition while expanding its customer base, in 

stark contrast to confirmed that Netflix’s subscriptions model generated predictable cash flows and stable 

margins, while Blockbuster’s dependence on late fees and physical store traffic eroded its profitability. The 

application of Christensen’s framework further showed how analytics functioned as the enabling mechanism of 

disruption, allowing Netflix to evolve from a niche entrant into an industry leader. 

These findings affirm that analytics was not simply a supporting tool but the central driver of Netflix’s market 

dominance. By embedding customer level insights into strategy, Netflix created a self-reinforcing cycle of 

growth, while Blockbuster’s failure to adopt comparable capabilities sealed its decline. 

Future research can extend this work by examining the evolution of analytics in streaming beyond 2010, including 

Netflix's use of real time engagement data, A/B testing, and advanced algorithmic recommendations to 

personalize delivery. Comparable studies of emerging competitors such as Disney+ or Amazon Prime Video 

could also test whether analytics maturity remains the decisive factor in shaping competitive advantage. Such 

extensions would deepen understanding of how analytics continues to drive disruption in digital media and 

beyond. 

This research examined how Netflix’s integration of analytics-driven strategy compared with Blockbuster’s 

reliance on traditional retail metrics, shaped their divergent competitive trajectories. By combining Christensen's 

Disruptive Innovation theory with evidence on subscriber growth, churn rates, and financial performance, the 

study found that analytics, not just streaming technology, was the decisive engine of disruption. Netflix’s use of 

churn modeling, flat rate subscription pricing, and personalized recommendation reduced attrition, generated 

predictable cash flows, and created a self-reinforcing cycle of investment in content and technology. Blockbuster, 

in contrast, clung to late fees and store-based metrics leaving it unable to adapt as consumer expectations shifted.  

Beyond this specific case, the findings highlight a border insight: in digital disruption, analytics maturity is as 

critical as technological adoption. Streaming infrastructure provided the opportunity for change, but it was 

analytics that determined which firm captured sustainable market leadership. For incumbents facing similar 

transactions today the lesson is clear: competitive advantage no longer depends on scale alone, but embedding 

data driven decision making at the core of strategy. 
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● Appendix A 

The churn rate was calculated using the following formula  

Churn rate (%) = 
𝑪𝑪𝑪𝑪𝑪𝑪𝑪𝑪𝑪 𝑪𝑪 𝑪𝑪𝑪 𝑪𝑪𝑪𝑪𝑪 𝑪𝑪 𝑪𝑪𝑪 𝑪𝑪𝑪𝑪𝑪𝑪 − 𝑪𝑪𝑪𝑪𝑪𝑪𝑪𝑪𝑪 𝑪𝑪 𝑪𝑪𝑪 𝑪𝑪𝑪 𝑪𝑪 𝑪𝑪𝑪 𝑪𝑪𝑪𝑪𝑪𝑪

𝑪𝑪𝑪𝑪𝑪𝑪𝑪𝑪𝑪 𝑪𝑪 𝑪𝑪𝑪 𝑪𝑪𝑪𝑪𝑪 𝑪𝑪 𝑪𝑪𝑪 𝑪𝑪𝑪𝑪𝑪𝑪
 

This measure was applied to Netflix and blockbuster subscriber data (2000-2010) to compare retention levels. 

● Appendix B 

Netflix & blockbuster Subscriber Data (2000-2010) 

Year Netflix Subscribers 
(millions) 

Blockbuster 
Subscribers 
(millions) 

Source(s) 

2000 0.3 – Netflix SEC filings 

2001 0.4 – Netflix SEC filings 

2002 0.8 – Netflix SEC filings 

2003 1.41 – Netflix SEC filings 

2004 2.48 – Netflix SEC filings 

2005 4.02 1.0 Netflix SEC filings; Blockbuster analyst estimates 

2006 6.15 2.0 Netflix SEC filings; Blockbuster SEC reports 

2007 7.32 3.0 Netflix SEC filings; Blockbuster Online 
presentation (SEC, 2007) 

2008 9.16 2.5 Analyst reports; media estimates 

2009 11.89 1.5 Analyst estimates; WSJ reports 

2010 18.26 0.5 Netflix SEC filings; Blockbuster bankruptcy filings 
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● Appendix C 

Churn Rate Estimates (2000-2010) 

Year Netflix Est. 

Annual 

Churn 

Blockbuster 

Churn Rate 

Source 

2000 39% 10% Netflix: Variety / SEC filings (via YCharts); 

Blockbuster: SNL Kagan (industry report, 2000) 

2001 39% 12% Netflix: SEC estimates (Backlinko, YCharts); 

Blockbuster: SNL Kagan 

2002 39% 13% Netflix: SEC filings; Blockbuster: SNL Kagan 

2003 39% 13% Netflix: SEC filings; Blockbuster: SNL Kagan 

2004 39% 15% Netflix: SEC filings; Blockbuster: SNL Kagan 

2005 37% 27% Netflix: SEC filings; Blockbuster: Wall Street Journal 

/ SNL Kagan 

2006 36% 27% Netflix: SEC filings; Blockbuster: Wall Street Journal 

/ SNL Kagan 

2007 35% 17% Netflix: SEC filings; Blockbuster: Wall Street Journal 

2008 34% 17% Netflix: SEC filings; Blockbuster: Wall Street Journal 

2009 32% 40% Netflix: SEC filings; Blockbuster: Reuters (2009 

bankruptcy filings) 
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2010 30% 67% Netflix: SEC filings; Blockbuster: Reuters / New York 

Times (pre-bankruptcy, 2010) 

 

● Appendix D 

Revenue and Gross Profit Margin (2000-2010) 

Revenue: 

Yea

r 

Netflix Revenue 

(USD billions) 

Blockbuster Revenue 

(USD billions) 

Source(s) 

2000 0.04 5.00 Netflix SEC filings; Blockbuster 

SEC filings 

2001 0.08 5.00 Netflix SEC filings; Blockbuster 

SEC filings 

2002 0.15 6.00 Netflix SEC filings; analyst 

estimates 

2003 0.27 5.80 Netflix SEC filings; Blockbuster 

financial reports 

2004 0.51 5.90 Netflix SEC filings; Blockbuster 

SEC filings 

2005 0.68 5.90 Netflix SEC filings; Blockbuster 

SEC filings 

2006 1.00 5.50 Netflix SEC filings; Blockbuster 

SEC filings 

2007 1.20 5.00 Netflix SEC filings; Blockbuster 

Online presentation 

2008 1.36 4.80 Netflix SEC filings; analyst reports 

2009 1.67 4.50 Netflix SEC filings; media reports 
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2010 2.16 3.24 Netflix SEC filings; Blockbuster 

bankruptcy filings 

Gross profit: 

Yea

r 

Netflix Net Income 

(USD millions) 

Blockbuster Gross Profit 

(USD millions) 

Source(s) 

2000 -57 -67 Netflix SEC filings; Blockbuster 

SEC filings 

2001 -38 -217 Netflix SEC filings; Blockbuster 

SEC filings 

2002 -22 347 Netflix SEC filings; analyst 

estimates 

2003 7 -805 Netflix SEC filings; bankruptcy 

filings 

2004 22 -1,240 Netflix SEC filings; Blockbuster 

financial statements 

2005 42 -383 Netflix SEC filings; Blockbuster 

reports 

2006 49 74 Netflix SEC filings; Blockbuster 

reports 

2007 67 39 Netflix SEC filings; analyst 

estimates 

2008 83 -293 Netflix SEC filings; media 

reports 

2009 116 -322 Netflix SEC filings; bankruptcy 

filings 

2010 161 -351 Netflix SEC filings; bankruptcy 

filings 
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● Appendix E 

Netflix data: SEC filings are considered reliable where churn values were not directly reported, analyst reports 

were used. 

Blockbuster data: after 2007, official reporting ceased. Subscriber numbers and churn estimates rely on analyst 

reports, WSJ, and bankruptcy filings. 

Triangulation strategy: where conflicting figures existed, mid point averages were calculated to reduce bias. 

● Appendix F 

Netflix Pathways: 

Analytics → Reduced Churn → Higher CLV → Stable Cashflows → Reinvestment (content/tech) → Growth 

Flywheel 

Blockbuster Pathway: 

Retail Metrics → Rising Churn → Declining CLV → Revenue Erosion → Debt Burden → Collapse 
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